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How can we mine efficiently these complex data ?

User needs content-based tools but

@ Video meta-data are not sufficient
@ Manual tagging of video is time consuming and error-prone
@ There is a semantic gap between video data and what they represent

— Lack of semantic information

How can we introduce semantic in the mining process ?
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Study of existing systems

@ Characterize the different systems

@ Check if they use semantics
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Our approach for Video Object Mining

@ Generic framework

@ Object is the most semantic element
@ Combination of object-oriented descriptors

@ 2 types of scales : inner and context scale

@ User relevance feedback brings semantics
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@ These are still open problems

Perspectives

@ Video Object Mining has to be explored
@ Semi-supervised learning limits user's workload
@ A new generic framework has been proposed

@ This framework is currently being implemented

Difficulties

@ Object segmentation

@ Interactive mining (involving user relevance feedback)
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